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2HITHES 2Ny VHNIZBET 2 IHE ThE NI
DWTC, Wnd siEREMET 27200757 %
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(1) R 2 EE - BT AN L TCVWAT AN —2AD—E

1 cALL {
2 MATCH (r:Requirement)-[s:
Similarity]-(t:Testcase)

3 WHERE r.name = $s AND s.value >=
0.5

4 RETURN t.name AS test_name

5

6 UNION

7

8 MATCH (ri1:Requirement)-[sil:
Similarity]l-(r2:Requirement)

9 WHERE rl.name = $s AND sl.value
>= 0.7

10 OPTIONAL MATCH (r2)-[s2:

Similarity]-(t:Testcase)
WHERE s2.value >= 0.5

11 WITH r2, count(t) AS count WHERE
count >= 2
12 OPTIONAL MATCH (r2)-[s3:

Similarity]l-(t2:Testcase)
WHERE s3.value >= 0.5
13 RETURN t2.name AS test_name
14 3}
15 RETURN test_name
16 ORDER BY test_name

DT )X, BR)—ROL4FIZIEEL, TOERM
MeaERE BBZFAPLTWATFA N —2A0—&%
W53 5. 347H, 947H® WHERE 4T, %K/ —FK
DEHEIEZIRELTVWS. EHETAMLTWET AN —
AzRDBEHS QITH~44TH) &, BEBIZTANL
TWABT AN —2%RKD B (87TH~1317H) %
UNION AJIZ &> TEAK L TW5.

2HiDFNZ LT, 7TV RETLULGE, Bk —
Rrl ZEEZZEMEBIZTFAINTVWETFAN T —A
LT, t1,t7, 8, t9 BE SN B.
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202Lin )

1 CALL {

2 MATCH (t:Testcase)-[s:Similarity
J-(r:Requirement)

3 WHERE t.name = $s AND s.value >=
0.5

4 RETURN r.name AS req_name

5

6 UNION

7

8 MATCH (tl:Testcase)-[s2:
Similarity]-(ril:Requirement)

9 WHERE t1.name = $s AND s2.value
>= 0.5

10 OPTIONAL MATCH (ri1)-[s3:
Similarity]-(t2:Testcase)
WHERE s3.value >= 0.5

11 WITH rl1, count(t2) AS count
WHERE count >= 2

12 OPTIONAL MATCH (r1)-[si:
Similarity]-(r2:Requirement)
WHERE sl.value >= 0.7

13 RETURN r2.name AS req_name

14

15 }

16 RETURN req_name
17 ORDER BY req_name

ZDZITYTI, TAMN —A2 /) —ROLHET2IBET S
ZXT, TOTFTAMNT—ANERE - BECZTFAMLTY
LENRMAMDO %2195, 317H, 997H® WHERE 4]
T, TANIF—A —ROFHIZRELTVWSE. 2D
TVRFEFTTDE, TAMNT—Zt1 P EEF 721X
T AN LUTWBERMREE LT, 10, rl, 14, 15 5355
nas.

(3) = DOBEDT AN —ATHEE - BT ANINTND

fhRD 8

1 CALL {

2 MATCH (r:Requirement)-[s:
Similarity]-(t:Testcase)
WHERE s.value >= 0.5

3 RETURN r.name AS reqg_name

4

5 UNION

6

7 MATCH (ril:Requirement)-[s1:

Similarity]-(t:Testcase)
WHERE s1.value >= 0.5

8 WITH rl1, count(t) AS count WHERE
count >= 2
9 MATCH (ril:Requirement)-[s2:

Similarity]-(r2:Requirement)
WHERE s2.value >= 0.7

10 RETURN r2.name AS req_name

1}

12 RETURN req_name

13 ORDER BY req_name
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2. 7)) DXFH

’ 7= ‘ Cypher ‘ SQL ‘
7TV 1 415 724
7= ) 413 795
71V 3 325 599

fHle LT, 7TV 2i2xd % SQL 7 TV 2B TFIT®
9. SQL 7TV IX, T—XALOBERMEZLET 5725
12, JOIN F—7U—REZHWTHELF—TILa2HEET
LMHENDD. £, I 7REEIIRLT, 7T
VD LS, RE—=VvFEAVEZRERZITO>ZLE
TERW., DD, BES I IHEEEHRO LN TE
505 77T)IZRLT, ZZURAEICK>TWAS,

(2) TANT—A T D EHE - BHIZT A ML TV S KD —
% (SQL)

1 (SELECT req.name AS req_name

2 FROM edge_req_to_test edge

3 JOIN node_req req

4 ON edge.from_id = req.id

5 JOIN node_test test

6 ON edge.to_id = test.id

7 WHERE test.name = %s AND edge.
similarity >= 0.5

8

9 UNION

10

11  (WITH req AS (

12 SELECT id1l FROM (

13 SELECT req.id AS id1
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14 FROM edge_req_to_test edge

15 JOIN node_req req

16 ON edge.from_id = req.id

17 JOIN node_test test

18 ON edge.to_id = test.id

19 WHERE test.name = %s AND

edge.similarity >= 0.5

20 ) AS r

21 JOIN edge_req_to_test edge

22 ON edge.from_id = r.idl

23 JOIN node_test test

24 ON edge.to_id = test.id

25 WHERE edge.similarity >= 0.5

26 GROUP BY id1

27 HAVING count (%) >= 2

28 )

29

30 SELECT req2.name AS req_name

31 FROM edge_req_to_req edge

32 JOIN node_req req2

33 ON edge.to_id = req2.id

34 WHERE edge.from_id IN (SELECT id1
FROM req) AND edge.similarity >=
0.7

35

36 UNION

37

38 SELECT req2.name AS req_name

39 FROM edge_req_to_req edge

40 JOIN node_req req2

41 ON edge.from_id = req2.id

42 WHERE edge.to_id IN (SELECT idl FROM
req) AND edge.similarity >= 0.7

43 )

44

45 ORDER BY req_name;
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#* 3. 7)) OFEFTINE (W)

’ == ‘ Neodj ‘ PostgreSQL ‘
72 1| 0.054 0.075
7T 2| 0.047 0.125
7T 3| 5.086 0.098
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